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Research on content safety control of domain-specific large language models

Zhang Xinxin', Li Tao', Zhao Longbiao', Jia Zhenzhen®, Zhou Hengguang’
(1. Unit 92981 of the PLA, Beijing 100161, China; 2. Unit 91977 of the PLA, Beijing 100036, China;
3. Unit 91526 of the PLA, Zhanjiang 524064, China)

Abstract: With the increasing adoption of large language models in specialized domains, these models have demonstrated signifi-
cant potential in areas such as knowledge management, decision support, and secure information exchange. However, given the
high level of specialization and sensitivity in these domains, ensuring the safety and compliance of generated content in specific
scenarios presents a major challenge. Current approaches predominantly rely on model retraining or fine-tuning, which are re-
source-intensive and lack flexibility. This study proposes a refined output control method that bypasses the need for model retrain-

ing. By framing output control as a classification problem, classification algorithms are employed to evaluate generated content and

ance between meeting business requirements and minimizing potential risks, thereby enhancin

safety and compliance of gen-

determine its appropriateness for release. This mechanism combines mathematical modeling and fes ture engineering to strike a bal-

erated outputs.

Key words: large language model; safety control; content filtering; classification alg@
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